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Abstract: The suitable aircraft performance monitoring (APM) parameters selection method can realize the effi-
cient selection of domestic civil cruising APM parameters, which can provide the reliable data basis of aircraft per-
formance analysis and calculation. The Sage-Husa noise estimator is introduced into unscented Kalman filter
(UKF), and the adaptive unscented Kalman filter (AUKF) is constructed. AUKF is used to de—noise the quick ac-
cess recorder (QAR) data. The stable cruise parameter screening criteria are given, and the improved sliding time
window algorithm is used to realize the stable cruise parameter selecting. The algorithm is verified by the sample da-
ta of the domestic ARJ21 aircraft. The results show that the adaptive unscented Kalman filter algorithm can im-
prove the reliability of data, and the improved sliding time window algorithm can improve the selecting efficiency
by about 50%.
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Fig.1 Flow chart of parameter selection for

sliding time window algorithm
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Fig.3 Noise reduction error curve of sample data
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